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(Signature-based detection)[2,3,4,5], ¢l 7I¥F 7] % (Behavior-based detection)
[6,7,8,9,10], &4 &4 7|49k Z]*H(Taint analysis-based detection)[11,12] &<
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Fig. 2. SVM(Support Vector Machine)2] tlo] ¥ 57 %
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Table 1. 2t FZ = B E 93} Feature A3

S Bt i 2] &2~ Feature

HES A RxBytes, TxBytes, RxPacket, TxPacket

s} Send/Receive Call
WA} %] (SMS) | Send/Receive SMS
CPU CPU Usage
v & g Level, Temperature, Voltage
E2A A Process ID, Process Name, Running Process, Context Switches
Native Tptal Size, .Shared Siz_e, AII_ocated Size, Physical page, Virtual Set
o 2] Size, Free Size, Heap Size, Dirty Page
Dalvik Tptal Size, _Shared Siz_e, AII_ocated Size, Physical page, Virtual Set
Size, Free Size, Heap Size, Dirty Page
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=2 A)5S ®o| X%k TPR(True Positive Rate) ¥} Accuracy ¥%] ©. 2 W oFS wj,
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# RandomForest = SVM(Support Vector Machine)

Fige. Z} #7719 & vlal (X&)
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Bl o H AKE wa a#iZelth. RFE A3¥ 1004 TPR/
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# RandomForest = SVM(Support Vector Machine)
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